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Suggestion and examination of extraction similer parts of cerebral blood flow and temporal transition
identification method of neural activity
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In this paper, we proposed the algorithm extracting similar parts from two different time-series data of cerebral
blood flow. The proposed algorithm extracts not only exactly the same parts but also the similar parts with a few
differences, since time-series data of cerebral blood flow is supposed to be affected by various factors. The proposed
algorithm also extracts the similar parts that have the gap of time. In the proposed algorithm, there are two steps.
Firstly, each of two different time-series data of cerebral blood flow is vectorized. Secondly, two vectors from each
of the data are evaluated by the cosine similarities and the similar parts which are found in the both of the data
are extracted using the Smith Waterman method. The effectiveness of the proposed algorithm was discussed and

evaluated through numerical experiments.
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