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Construction of a Language Aqcuisition Model under Multiple Cognition
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An infant has ability to generalize parent’s utterances to creat grammar rules. Considering infant’s enviroment to
receive utterances from a parent, it is very difficult to understand meanings of utterances because the infant cannot
take account of all possible meanings from an utterance. In this paper, we employed Iterated Learning Model which
represents evolution of compositional language, and built situation which agents can share into this model to be
able to represent multiple cognition. Simulating whith our model, we speculated an influence of multiple cognition

on evolution of compositional language.
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S/like(mary, john) — marylikesjohn
S/love(mary, john) — marylovesjohn
lchunk
S/p(mary, john) — mary No/p sjohn
No/like — like
Ny /love — love
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S/admire(john, pete) — johnadmirespete
Ns3/admire — admire
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S/p(john,pete) — john N3/p pete

Ns3/admire — admire
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