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A Pricing mechanism for task quality-control in crowdsourcing
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We propose a reward mechanism that utilizes workers’ self-reported confidences for tasks with multiple labels in
crowdsourcing. In crowdsourcing, since workers’ abilities are not even, treating all labels given by different workers
equally is not always a good way to infer true labels. Thus, we consider a quality control method that a requester
asks workers not only for labels to the data but also for their confidence about them. In more detail, a requester
proposes several reward plans to workers. Choosing a plan corresponds to selecting certain discretized confidence
intervals. We ensures that choosing a plan for an interval including true confidence maximizes the worker’s expected

utility.
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