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Tree Clustering to Lower User’s Search Costs
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In this paper, we aim to create an easy-to-search category hierarchy by combining multiple category hierarchies.
We regard a category hierarchy as a tree structure; nodes equal categories so this problem is cast as a tree
clustering task. We propose a tree clustering method that constructs a tree structure with minimal search cost. To
apply conventional agglomerative hierarchical clustering methods to the method, we first must define the inter-tree
distance. Our definition is based on two scores that model the user’s search cost of the tree structure. The scores
reveal the strength of parent-child relationships and the association between nodes. Our approach merges trees
based on the distance in the same manner as Ward’s method. Compared to baseline methods, our method can
build a better tree structure with respect to the overall ranking against five aspects.
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