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Intervening in Multiparty Conversations by Conversational Agents based on Conversational
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It is important for conversational humanoids that manage multiparty conversations to recognize the group dynamics existing
among the users. This paper proposes a prototype system that intervenes multiparty conversations among the users. The main
characteristic of our intervening strategy is that the system estimates the conversational dominance of each participant in group
interactions and uses the information to determine the system’s intervening utterance. First, we conducted a Wizard-of-Oz
experiment to collect conversational speech, and motion data. Then, using the collected data, we examine the validity of our
dominance estimation model, and discuss proper intervening timing. Based on the discussion, we implement a prototype system
that generates intervening utterances towards the most dominant participant or most submissive participant.
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