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World history ontology to reason falsehood of historical descriptions
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This paper introduces a world history ontology which supports reasoning of truth/falsehood of historical
descriptions in natural languages. At the core of the ontology is an event classification according to some
necessary conditions for the existence of events in the real world. We will discuss how this ontology works in
solving world history problems in the National Center Test for University Admissions, especially in the

reasoning of “falsehood” of sentences.
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