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Experimental estimation for nature of distribution equivalence groups as relationship representation
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Inductive inference processes need frame representations suitable for each target task domains. Then general purpose
intelligent systems must autonomously acquire these representations. Because frame representations are sets of variables,
similarity measure between two relations among variables can help extracting frame representations. | have proposed that
distribution equivalent groups (DEGs) can work as these relations. Each DEG expresses the presence of the pattern that
appeared in a partial space within a short time. As an idealized natural dynamic scene, a wave of point image is used to
explore DEGs properties. All permutations of 3-dimensional subspaces are extracted from the eight dimensional inputs.
Then appearance frequency vectors of 256 kinds of DEG states were calculated for all subspaces. Next, these subspaces
were clustered by these DEGs states vectors. Finally, an equivalent structure that corresponded to the local image windows,
which are conventional for image recognition system, was extracted as a cluster of subspaces.
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