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Improving Data Quality of CrowdSourcing with Social Networks
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Quality of collected data is one of the largest issues in crowdsourcing services. Previous studies focused on how to
improve the quality with machine learning and/or how to give incentives to workers. In these studies, however, few
researchers have taken advantage of social networks between workers. In this paper, we propose a novel mechanism
on which workers can entrust tasks to a worker friend of them recursively and receive payoffs when the friend
carry out the tasks appropriately. We analytically calculate the quality of the data collected with this mechanism,
when workers’ network is assumed a tree structure. We demonstrate the effectiveness of this mechanism in the

tree-structured network with a simulation.
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