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Anomaly Detection Local Areas Using Social Media
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In an emergency situation, identifying devastated areas is crucially important because it needs for safety confir-
mation, display of evacuation routes, and making plan for support disaster victims. There are some infrastructures
for this purpose. However, those infrastructures possible do not work correctly when a disaster strikes. While, a
vast amount of social media data is created sequentially with the growing popularity of social media. This paper
treated such social media data as a kind of data streams and try to identify devastated areas by applying existing

anomaly detection methods for data streams.
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