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The car-navigation system by a speech dialogue — The challenge to Night 2000 —
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While attentions gathered for “Eyes Free” which Apple Inc. advocated in June, last year, NTT DOCOMO has released a
car navigation service “Docomo Drive Net (DDN)” that can be operated by naturally speaking from December, 2012. This
service applies “Shabette-Concier” services of our company to the car navigation system.“Knight Rider” is the special-effects
teleplay broadcast in the U.S. for about four years after 1982. “Night 2000” which appears into it is the dream car by which
spoke about man's words and special equipment was carried out, and is one targets, such as an artificial intelligence
researcher, and a car navigation system developer.In this paper, we describe the intention understanding function which
makes the core of naturally speaking in DDN and describe the subject for developing K.L.T.T. which is an artificial

intelligence engine of “Night 2000 .
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