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A Study on Periodicity Discrimination Method for Keyword Frequency in Twitter
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Twitter is rapidly prevailing on the Web society in recent years. A lot of Twitter contents contain periodicity, and
it is meaningful to find the periodicity from them. In this paper, we propose the method to extract the periodicity
and estimate its range based on correlation coefficient from queries or keywords in Twitter contents. We apply the
proposed method to the keywords representing hot topics in Twitter and show the validity of it.
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