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Semi-Online Stream Mining Which Compresses Frequent Item Set Instantly
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Frequent item sets mining over stream data is difficult to be an on-line form for dealing with stream data because
it should extract a huge number of item sets. In our study, we propose a novel semi-online algorithm that can
extract frequent item sets from stream data, where it compresses frequent item sets incrementaly. Using the lossy
compression proposed by Dong Xin, et al., we actualize a significant semi-online extraction and compression of

frequent item sets.
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