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Estimating a User State by Using Tabletop Pressure
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In order to realize adequate information notification to a user in desk work, a system needs to determine the
suitable timing to notification by estimating a use state correctly. In this paper, we propose a novel method to
estimate a user state with tabletop pressure. We use a lattice-like pressure sensor sheet on a desk, and estimate
user’s state: interruptible or not. This pressure can be measured without load to a user and it includes useful
information including changes of in the pressure of key-typing, an arm, a mug, and so on. We carefully develop
features which can be determined by the sensed data and apply a classification learning method to identify user
states. Finally we conduct preliminary experiments to evaluate our method and obtain promising results.
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