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Discussion of interactive optimization system in Real-time fMRI
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In this research it is discussed that how to employ human biological signals, especially functional information
of brain, as evaluation values of candidate solutions and what kind of system should be developed in interactive
genetic algorithms. To perform this goal, in this paper, an experiment was performed in order to examine rela-
tionship between experimental participants’ brain activation measured by fMRI (functional Magnetic Resonance
Imaging) and evaluation values based on their preferences when picture images of foods were shown. The brain
activation patterns were extracted from brain regions where we observed highly significant activations at the time
of presentation. Then, they were classified into preference or unpreference patterns. The accuracy rates were higher

than a chance level in all the participants.
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