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Structure Characteristics Profiling using Eigenvector of Molecular Matrix
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Structure profiling based on quantification and numerical characterization of a chemical structure provides us an important
basis for similar structure searching, machine learning for classification of chemicals, data mining for structure-activity
relationships etc. In the present work, we propose a structure profiling method which is based on eigenvector of molecular
matrix. We also investigated the relationships between eigenvector elements and intra molecular environment of vertex atoms.
The results suggest that eigenvector elements of a molecular matrix can be used to represent the structural environment of

individual vertex atoms.
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