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Interaction Design for Human Active Learning in Constrained Clustering
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In this paper, a novel GUI for human active learning in constrained clustering is described. Clustering is the most
popular data mining technology, and in particular, interactive constrained clustering that uses constraints from a
human is promising for practical applications. We propose a GUI that can expose the effects of given constraints
by emphasizing them at the clustered results and provide multiple viewpoints that a user can flexibly change to
derive active learning. We fully implemented an interactive constrained clustering system with the GUI as a web
service. We also conducted an evaluation experiment on image clustering with participants, and obtained results

to support the effectiveness of our approach.
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