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Anonymization of Moving Sequence via Hierarchical Clustering

oo og+t
Yuta Ishii

O oo*2

Tatsuya Osame

000 D*3*4

Jun Sakuma

“000000oooooooo

College of Information Science, University of Tsukuba

“0000000000000000000000000000000

Dept. of Computer Science, Graduate school of SIE, Univ. of Tsukuba

“000000o0o0ood

Faculty of Engineering, Information and Systems

“000000000000

Japan Science and Technology Agency

We study anonymization of travel sequences. k-anonymity is known as a standard anonymization model, while
k-anonymization of sequences is intractable because the size of sequences can be infinitely large. We propose a
novel anonymity definition which is an extension of LKC-privacy. Most of travel sequences are provided in the form
of (latitude, longitude,date-time). Our model can take such numerical sequences via discretization using clustering.
Furthermore, we relaxed ordering constraints of LKC-Privacy to decrease the number of suppressed sequences. The
efficiency of our anonymization model is examined by travel prediction problem using real travel sequences collected
in China. Experiments show that our anonymization does not necessarily degrade the prediction accuracy.
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