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Estimation of Attitude-Motion of Tumbling Satellites and the Position of Tags
Using Particle Filter
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In this paper, we estimate the attitude-motion of tumbling satellites using RFID, taking gaps of position of the
tags into account. For the estimation, we suggest the following method. First, we define some models which have
small differences from each other. Second, we estimate the attitude-motion of each model at the same time and
decide the most likely model by calculating the likelihood. Furthermore, by repeating the simulation and analyzing
the tendency of mistakes of estimation, we improve the precision of estimation.
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