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Appropriate selection of a successor by visualization of the relationship by applying meta-data to the
standardization activities and members.
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A model system which can visualize the relationship between knowledge and actual experiences in the Fujitsu's standardization activities
has been developed. By applying meta-data to profiles and annual activity-reports of members who are engaged in the standardization
activities, the relationship between the profiles and the annual activity-reports has been visualized as RDF graph. It facilitates nominating
the successor who has similar knowledge and experience to current members, reasonably and appropriately.
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