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Application of Transfer Learning in Similar Image Search using Satellite Image Data
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Remote sensing of the earth surface using satellite sensor data is one of the most important methods for global

environmental monitoring. In remote sensing fields, Similar image search is an important problem to monitor physical

changes of the earth’s surface caused by human or nature. However, long calculation time is required for similar image

search in satellite data due to the very large search space. To solve this problem, we proposed an application of transfer

learning using previous search results in order to improve calculation time for the similar image search.
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