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Research on Real Time Task Planning for Multi-Agent System
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In this study, we focus on real time task planning as a method to improve the performance of multi-agent systems.
Real time task planning is online planning which modifies tasks to suit the changing environment from time to
time. So, multi-agent system which consists of agents performing real time task planning is expected to be applied
to real multi-robot systems, such as rescue robots for disaster and planetary exploration rovers. For contributing
to realization of these systems, we aim to build the generic methodology to construct the algorithm of real time

task planning in multi-agent system.

As a first step, we solve a distributed constraint optimization problem to which the parameter of time is added.
In order to verify the utility of real time task planning in multiple agents, we apply the solution which combined
the algorithm of real time task planning and DSA to the problem.
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