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Error Correction for Japanese as a Second Language Learners’ Text
Using Character-to-Word Alignment
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Recently, natural language processing research has begun to pay attention to second language learning. Statistical

machine translation-based approach has been proposed to correct all types of errors.

However, word-to-word

alignment does not perform well on Japanese learners’ texts since they are hard to tokenize. To solve this problem,
we proposed character-to-character alignment model but it fails to use word information explicitly. In this paper, we
extend the character-to-character alignment model to character-to-word alignment model. It uses word information
on the target side, so it is able to use more linguistic information such as word n-gram language model than

character-to-character alignment model.

We show that the character-to-word alignment model achieves higher

f-measure than the word-to-word and the character-to-character alignment model.
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