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Calculation of the Graph Spectra Kernel without Occurring Arithmetic Overflow
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Kernel methods such as the SVM are becoming increasingly popular due to their high performance in graph

classification.

We proposed a kernel function, called the SPEC kernel, using graph spectra and the Interlace

Theorem. Although the SPEC kernel was theoretically defined to classify graphs with large sets of vertices,
arithmetic overflow occurs when calculating the SPEC kernel for the graphs in its implementation. In this paper,
we propose a method for calculating the SPEC kernel without occurring arithmetic overflow. The fundamental
performance of the method is evaluated using artificial datasets.
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