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Parameter Estimation of UAV Using Time-Varying Gaussian Modeling
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In this paper we propose a method for parameter estimation method for linear dynamic systems affected by
transient external force. To track sudden change of the external force, the proposed method assumes that the
probability density function of state transient noise is non-stationary. The probability density function of the
transient external force is modeled as local Gaussian whose covariance matrix is multiplication of time-variant
scalar coefficient and time-invariant matrix. We have confirmed that the proposed method can estimate the
parameters more accurately than conventional methods by applying it to UAV in a changing environment such as

a wind gust disturbance.
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