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Automatic feature point extraction for gesture recognition which is robust against changes in scale of

captured images
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In this research we propose the method for extracting the feature points automatically from the tip of each fingers.
The aim of this extraction is to track the position of fingers for hand gesture recognition such as sign language. During
the hand gesturing, fingers are likely to point any direction. Moreover the scale of captured images of hands for image
processing changes depending on the distance between capturing device and its target. Therefore the algorithm of
feature point extraction for our aim should have robustness against the scale, rotation of images.

Our method realizes robust extraction system using the image pre-processing and hierarchical neural network model.
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