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In this paper, I describe indices for evaluating words and phrases for an integrated text data mining environment
called TETDM. The indices calculate the values of each term on a given document based on their usages. The
values indicate particular aspects of the terms such as frequency, importance, meaningfulness, and so forth. Then,
the values are used for evaluating their usefulness in the term selection task by human experts. For implementing
the term evaluation indices on TETDM, I also discuss several visualization methods for convenient evaluation
support of the users, in addition to the definitions of the representative indices.
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