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In this study, we develop a Web retrieval suppgstem that suggests the word. The word is keywieds which used by
next search, so that the users do not have toarsagppet. The Web retrieval support system isguie words in the snippet,
and indicates the subject of the search resultsetaisers. Then determine the keyword that thdtrefselecting the topic of
user demands.We measured the time to reach thesmugite between the Web retrieval support systeradictive search
suggestions for Google" and site re-ranking’RergrikAs a result, Google search and Rerank.jp wasaht# to reach the
purpose site. The Web retrieval support systenbeaobtained a search guideline without knowledgefuser .
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