The 26th Annual Conference of the Japanese Society for Artificial Intelligence, 2012

411-R-9-7

/N2 B E LTS Web B e S 42 O 7230 OGRS H O 1R

Keyword Extraction from Web Newspapers for Elementary School Students
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Recently, NIE (Newspaper In Education) has become increasingly active at elementary schools. Elementary school
students can improve the ability of communication and reading by NIE. However, there are Kanji characters or terms which
students cannot read and understand in newspapers. In order to increase the effectiveness of NIE, educational institutions
require a support system for reading newspapers. This paper discusses a method for extracting keywords which should be

explained for elementary school students from Web newspapers.
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