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This paper presents a novel application of Graph Sequence Mining to Dependency Analysis in Natural Language
Processing. Graph Sequence Mining is a method for finding common changes from sequences of graphs, and it have
been applied to social networks, co-author networks, citation networks and so on. We applied a Graph Sequence
Mining method to a transition-based dependency parser to mine rules for rewriting states in the parser. In this
paper, we propose a method for deciding whether the rules are applied to rewrite states or not.
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