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In this paperdwe propose a parallel SAT solver based on LBD that is one of evaluation criteria for learnt clauses[]
CDCL solvers learn a large amount of clauses which are resolvents of the original problem. Learned clauses are
useful knowledge to avoid repeating conflicts which have occurred in the past search process(] On the other hand
CDCL solvers need to reduce learnt clauses in order to restrain the memory consumption and the speed decline of
unit propagations. LBD is an evaluation criteria of learnt clauses and shows superior performance in the past SAT
competitionsd] However there is few work on parallel SAT solvers based on LBD criteriald We propose a parallel
SAT solver based on LBD which is used for solving a problem by each SAT solver and also used for sharing learnt

clauses between solvers[]
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