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A Small-World Network Robust for Both Random Failures and Targeted Attacks
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A network architecture with bimodal degree distribution robust for both random failures and targeted attacks has been
proposed. This paper studies the robustness of “n-Star network” which was proposed by the author as a new Small-World
network by comparing with the bimodal degree distribution network and a scale-free network. As a result, the n-Star network
was found to be not only more robust than the bimodal degree distribution network and the scale-free network, but also has
the good characteristics maintaining Small-World even under the above severe random failures and targeted attacks.
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