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A Preliminary Proposal of SPARQL Query Rewriting with Ontological Translation
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SPARQL is a standard query language for RDF data that are commonly used to represent and store Semantic
Web data. There are a lot of SPARQL endpoints to retrieve and see the data by SPARQL queries. Although it
greatly helps us query semantic data with ontologies, their diversity of ontologies make it difficult to query the
data without understanding of their target ontologies. To solve this problem, several ontology mapping techniques
have been investigated, which are trying to find and express a set of correspondences between components(e.g.,
concepts, etc.) of two ontologies. However, such ontology mappings are very difficult to be extracted. In this
paper, we present a preliminary idea and discussions about SPARQL query rewriting when ontology mappings are
not complete. We show some examples about rewriting a SPARQL query with one ontology to another query with
another ontology which can specify ordering by their mapping reliability.
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function queryConversion( Q, Mapping )

if (not conversionRequired(Q))
return Q;

else if( Q is single block ) then
RewritingPattern = getPattern(Q);
Q=

else

applyPattern(Q,RewritingPattern,Mapping) ;

foreach query block b in Q

do
b’ = queryConversion( b, Mapping );
add b’ to Q’

end foreach

return Q’
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