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Computerized dialogue agents have recently been actively investigated in various fields. There is a great demand
not only for task-oriented dialogue agents such as reservation services but also for non-task-oriented ones such as
chatbots. This paper presents a non-task-oriented dialogue agent using statistical response method and several
different agents suitable for the context. First, the statistical response method is to apply learning to rank technique
used for information retrieval to reply. Our method ranks candidate utterances which are prepared beforehand,
in order of suitability for a response, and selects the top utterance. The second is to rank candidates by using
an appropriate agent to the context. This technique improves accuracy of utterance selection, and reduces the
dimensional size of feature vectors. In the experiment for evaluating the nature of a dialogue, the high evaluation

result was obtained.
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