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Learning of exploratory behavior for object discrimination and its application to a mobile robot
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This paper presents a active perception model for a robot. Proposed model can learn automatically an exploratory
behavior for object recognition. To confirm the effectiveness of the proposed model, we carried out the mobile robot
simulation. In the simulation, the robot was able to learn the exploratory behavior which can distinguish the objects
of different form. Additionally, it has been confirmed that the acquired exploratory behavior can recognize the

objects appropriately.
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0 1: Proposed model.
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0 2: Experimental setup.
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O 3: Change of average reward.
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0 4: Behavior of the robot.
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O 6: Recognition rate.
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