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This paper presents a novel method of calculating similarity between two TV programs by using summaries as a part of

Electronic Program Guide (EPG). Most previous methods used statistics such as #f~idf based cosine measure of word vectors,

whose words are appeared in the summaries. However these approaches were not effective for calculating similarity between

TV programs because broadcast summaries are too short to obtain reliable statistics. Our method generates a graph structures

whose vertexes are TV programs and words. These words are connected by word relations which are extracted from Web

automatically. Similarity between two TV programs is calculated based on the relativeness of two TV program’s vertexes in

the graph structure. Through experiments, our method showed effectiveness of calculating similarities between two TV

programs compared with the baseline approaches.
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