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As a steady new network communication tools, Social Media has been expanded. This phenomenon gave impact
on societies of all over the world. As the increasing interests in Social Media, its network structures drew the

attention.

Social Media has been changed by The 2011 off the Pacific coast of Tohoku Earthquake at 2011.

Particularly, the property of Twitter has been changed. And Twitter greatly contributed to diffusion of information.
For that reason, Social Media is expected as information sources in disasters.
In this paper, we analyze “How the diffusion of information on Twitter has been influenced by structural change

of network which is made by communication among users.”

As the result, after The 2011 off the Pacific coast of Tohoku Earthquake the network has become easier to diffuse

than before by Twitter.
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