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Detecting Structural Changes of Graph Based on Constrained Maximal k-Plex Search
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This article discusses a problem of structural change detection given two graphs before and after some change,
targeting vertex sets that are divergent pseudo-independent sets before the change and maximal k-plexes with
smaller number of outgoing edges after the change. An effective search algorithm for them is presented as an

extension of k-plex enumerator.
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