The 26th Annual Conference of the Japanese Society for Artificial Intelligence, 2012

4E1-OS-15-2

DO0D0D0000o0od GARCHODODDODODDODOOOooooo

Analysis of Generating Mechanism of GARCH Effect by the Information Gap
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“ GARCH Effect” is an important factor explaining a confusion of the financial market. However, neither
a definite theory nor demonstrating result concerning its generating mechanism in yet shown. The generating
mechanism is suggested that market participant’s information structure be a generation factor. In this study, We
specify the generating mechanism by controlling the condition of the market participation and the market by using
an artificial market. We modeled fundamental traders and technical traders, and put both traders in an artificial
market. We experimented on them by giving an infomation gap. The infomation gap is realized by changing
frequency of giving information provision. As a result, we found that when there is a shallow infomation gap in
market, the suggestion that the GARCH Effect happened easily.
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