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Dynamic reconfiguration of portfolio and trading methods by machine learning techniques
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This study implements a dynamic portfolio reformation mechanism which is able to keep pace changes in market environments and
develops an asset management model which is expected to be robust to systemic risk caused by changes in positions by using various
technical trading measures and their synthesis. Besides, we make it possible to know turning points in financial markets more easily
from the trend measurement index and the broken line representation of stock price movements. Our empirical analysis indicates that the
proposed algorithm shows 20% returns per annum on average. In addition the degree of drawbacks is less than half of the NASDAQ.
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