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Effects of positions of flow generators on the networks
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Influence of the topology of power grids on its structural robustness has been studied in the field of complex
networks. Several relationships have been manifested. However, although it is predicted that the electric generation
sources will be widely distributed in near future, the influence of the locations of the source of electric power has not
almost been clarified. In this paper, we investigate how the sum of the power flow can be minimized by changing
the locations of electric generation sources on the given network.
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