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Construction of the new argumentation model based on the India-Logic

KEAH R

Shogo Ohta Hajime Sawamura

TR R P RF B BRRIAIIER fE SR L S

Graduate School of Science and Technology, Niigata University

R ART H AR R

Institute of Science and Technology, Niigata University

Argumention has close relation to logic, in the field of argumentation research that we perform. Generally, the
logic means the Western-Logic represented by Aristotle’s syllogism. And the argumentaion based on LMA (Logic
of Multiple-Valued Argumentation) suggested now in Sawamura laboratory is performed in conformity with this
Western-Logic. However, on the other hand, India-Logic is known as Eastern logic.

In this research, I suggest "an Orient-like argumention model” by adopting typical way of thinking in
the Indian-Logic ”5_membered inference/argument schema” to a traditional argumentation model. In this new
argumentation model, an argument using the example(metaphor expression) have higher persuasion.
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2.2 IEHWET (Indian-Induction)
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DI85,
e has(this_hill,fire)::[1.0]

<== has(this_hill,smoke)::[1.0]

& has(whatever_has_smoke,fire)::[1.0].
e has(whatever_has_smoke,fire)::[1.0]
<== has(smoke,fire_eg_an_oven)::[1.0].

e has(smoke,fire_eg_an_oven)::[1.0] <== true.

e has(this_hill,smoke)::[1.0] <== true.
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e has(the_hill,fire)::[1.0]
<== has(the_hill,smoke)::
& invariable(smoke,fire)::

[1.0]
[1.0].

[1.0]
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e invariable(smoke,fire)::
<== ind(eg_an_oven)::

e has(the_hill,smoke)::[1.0] <== true.
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attacks = { (A,E), (B,C), (C,p), (C,D), (D,C), (E,A) }
|attacks| = 6
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#* 1: HIEE~—A1

agent Al knowledge base: K Bai

is_(mountain,fiery)::[1.0] <== over(smoke,mountain)::[1.0] & invariable(smoke,fire)::[1.0].
invariable(smoke,fire)::[1.0] <== ind(eg_an_oven)::[a2].
over (smoke,mountain)::[1.0] <== true.

agent CA1l knowledge base: K Bcai

~“invariable(smoke,fire)::[1.0] <== not ~over(smoke,lake)::[1.0] & has_no(lake,fire)::[1.0].
has_no(lake,fire)::[1.0] <== true.

agent A2 knowledge base: K Bao

“over (smoke,lake)::[1.0] <== known(lake_smoke,as_fog)::[1.0].
known (lake_smoke,as_fog)::[1.0] <== true.

agent CA2 knowledge base: K Bcaz

~is_(mountain,fiery)::[0.8] <== is_(mountain, wet)::[1.0].
is_(mountain, wet)::[1.0] <== rain(yesterday)::[1.0].
rain(yesterday)::[1.0] <== true.
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