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In this paper, we propose a new propositional consequence finding system based on s satisfiability testing program
(called a SAT solver). Propositional or boolean satisfiablility testing (SAT) is a specialization of propositional
consequence finding, and the performance of modern SAT solvers has improved dramatically in recent years. For
finding consequences from a given propositional formula, we use a fast SAT solver as an inference engine. Our
approach is based on the refutation theorem. A SAT solver checks the satisfiability of the given formula and the
negation of hypothesis which is a candidate of consequences. We propose several pruning techniques to reduce the

search space of hypotheses. We show the performance of our system by experiment results.
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