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Emergence of defensive strategies based on predator-prey co-evolution in 3D physical simulation
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We present the results of prey’s difensive strategies by predator-prey co-evolutionaly model in 3D physical
simulation. Morph and moving of virtual creatures are evolved using a genetic algorithm in a physical environment.
Through incremental evolution, we found some prey have difensive strategies not to be caught by predator. Some
one have a good strategy look just like natural species’ one.
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