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Detection and identification of a linear acyclic data generating process part
by using non-Gaussianity of data
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Recently, large amount of observed data has been accumulated in various fields and there is a growing need for
estimating generating process of these data. In a recent study, it was shown that use of non-Gaussianity allows
the full structure of a linear acyclic model to be identified without any prior knowledge on the structure. But,
existing methods could return completely wrong estimation results if some assumptions are violated. In this talk,
we propose a new method for learning the data generating process that is robust against one typical violation of
the model assumptions: latent confounders. The method enable us to estimate the data generating process with

more precision even so the data includes latent confounders.
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