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We propose a probabilistic model for selectional preference of verbs. We focuse on the preference that depends

on multiple case fillers.

Our model is based on the probabilistic semantic indexing, and is enhanced with the

parameter estimation scheme that makes good use of 2-term data in addition to 3-term data.
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P(z,y,w) = _ P(a]2)P(y|2)P(w|2)P(2).
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P(vnm) = Z P(v|z)P(n|z)P(m|z)P(z).
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Z Nynm Z P(z|uvnm) log P(v|2) P(n|z)P(m|z)P(2)

vnm z

+ Z Nyn Z P(mz|vn)log P(v|2z) P(n|z) P(m|z) P(2)
+ Z Nym Z P(nz|lvm)log P(v|z) P(n|z) P(m|z) P(2)

+Y  Num Y P(vzlnm) log P(v]2) P(n]2) P(m|2) P(2).
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