The 26th Annual Conference of the Japanese Society for Artificial Intelligence, 2012

311-R-9-3

svMUOUOOooooooogd

Identifying Discourse Relations Using Support Vector Machine

oo oo+

Yusuke Wakayama

oo ot

Akira Utsumi

000000000 00000000 OD000000

Department of Informatics, The University of Electro-communications

In this paper, we propose a method for identifying discourse relations between two sentences using Support
Vector Machine. We use as features for SVM contextual information before and after the target sentences, semantic
information such as functional expressions, and syntactic information such as part-of-speech tags. The result of
the evaluation experiment showed that our method obtained a higher F-measure score (42.5%) than the existing

example-based method.
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