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We propose a method to recognize textual entailment using natural logic. Natural logic is a system of logical inference
which operates over natural language, and is effective in textual inference involving monotonicity. This approach has been
studied for texts written in English so far. This paper presents a method for Japanese textual inference using natural logic.
Our system first analyzes dependency structures of texts and identifies word concept and monotonicity. Second, it establishes
an alignment between textl (premise) and text2 (hypothesis). Third, it calculates entailment relation between aligned phrases.
Finally, it deduces textual entailment relation from monotonicity, dependency structures and calculated entailment relation
between phrases. We evaluated our system with a test set composed of 377 pairs. As a result, we achieved 50.4% accuracy,

which is higher than a baseline system using morpheme overlap.
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