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A Fundamental Study on Learning Robot Behaviors dealing with Multiple Tasks

ugb ogg

Sachiko Soga

oo o
Ichiro Kobayashi

gbobobooogoobbboooobobobbooooobooo

Advanced Sciences, Graduate School of Humanities and Sciences, Ochanomizu University

The tasks in the real world usually contain multiple problems, therefore, even a robot has to reasonably solve
multi-objective problems in order to achieve complex tasks. In the field of evolutionary computation, research
on multi-objective optimization has recently been progressive. In this study, we incorporate multi-objective op-
timization problem into the learning of a robot controller, and consider the learning of a robot’s behaviors for

multi-objective problems.
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