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This paper proposes a channel theory for recognizing an agency. We employ the theory of information flow
as a basis of our theory. There are three types of channels in our theory: signal interpretation channels, model
reference channel, and model sharing channel. The paper interprets examples of Human-Agent Interaction on the
three channels. Our theory succeeded in explaining the difference of interaction based on the difference of the used

channel.
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1: Channel on Information flow
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(1) Signal Interpretation Channels
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(2) Model Reference Channel
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(3) Model Sharing Channel

2: Channels for recognizing an agency
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