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Suggestion of the article recommendation system based on the user’s Kansei model using
interactive Genetic Algorithm
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In this paper, we propose the article recommendation method using the user’s Kansei model that is derived

by interactive Genetic Algorithm. In this research, we assume that each user has own Kansei model and user ’
preference is related to the function of Kansei model.

are examined.
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In the proposed method, a novel neighborhood definition
and degree of similarity between words by the concept network in the Kansei model is proposed. Using the real
data of web report, an example of neighborhood definition and degree of similarity are described and some results
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